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Evaluating the Effects of Medicaid on Welfare
and Work: Evidence from the Past Decade

Executive Summary
Public policies designed to help unskilled workers
sometimes have unintended consequences. For ex-
ample, several public assistance programs intended to
assist people with few marketable skills actually im-
pose extremely high penalties when earnings rise. That
is, as a family’s income increases beyond a certain
point, most or all of their benefits from the support
program are lost because program “marginal tax rates”
are high. That is, for each additional (or marginal) dol-
lar earned, program benefits fall by a substantial amount,
sometimes by even more than the single dollar earned.
This can discourage family members from working, or
working full-time. An extreme example of this “earn-
ings penalty” is the loss of Medicaid health insurance
benefits. Prior to the 1987 expansions of Medicaid
eligibility for children, a family would lose all its Med-
icaid benefits if its income increased beyond the wel-
fare qualification threshold. Common sense tells us that
such severe earnings penalties may deter unskilled in-
dividuals from entering the workforce or working their
way up to higher paying jobs.

In this study, Dr. Aaron Yelowitz, an economist at
UCLA, examines the effects of Medicaid reform on
the work incentives and earnings of welfare recipi-
ents. Using ten years of Current Population Survey
data, Dr. Yelowitz finds that the prospect of losing
Medicaid benefits in fact discouraged labor force
participation. In addition, he finds that the expan-
sion of Medicaid eligibility for children in poverty
helped to increase employment and to reduce wel-
fare dependency by lowering extremely high mar-
ginal tax rates on poor families.

The results of Dr. Yelowitz’s research provide a
beacon for policymakers to use in shaping current
public policies in light of the massive changes in U.S.
welfare law over the past four years. By passing the
Personal Responsibility and Work Opportunity Rec-
onciliation Act in 1996, Congress recognized the value
of work for able-bodied citizens. As welfare law
evolves, policymakers must keep a careful watch on
program features that can discourage the poor from
entering the workforce or undermine the financial
assistance such programs are intended to provide.

Total Income by Earnings Level — Eligible
for Expansion v. Not Eligible for Expansion
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The “Earnings Up/Income
Not” Dilemma
Dr. Yelowitz explains the hurdles encountered when
individuals move from welfare to work, focusing par-
ticularly on the high marginal tax rates that encour-
age welfare dependency. Policymakers attempting
to help the poor have created various assistance pro-
grams without fully appreciating their ancillary effects.

 Low-income families often collect cash, tax credit
or in-kind benefits from Food Stamps, the Earned
Income Tax Credit (“EITC”), Medicaid and other
public programs. As Dr. Yelowitz’s new research
shows, when a family increased its earnings from
employment wages, EITC benefits first increased,
then leveled off, and finally phased out. Increased
earnings also triggered increased Social Security and
other tax burdens along with reductions in govern-
ment transfers from Food Stamps and AFDC.

Until 1987 the income eligibility limit (the maxi-
mum income allowable to receive benefits) for Aid
to Families with Dependent Children (“AFDC”) was
effectively the same as the income limit for Medic-
aid. This meant that at a predefined level of earn-
ings, both AFDC and Medicaid benefits were lost.
Losing Medicaid abruptly created a large and nega-
tive “notch” in income realized from work, totaling
several thousand dollars. Because of this notch prob-
lem, a welfare recipient who increased her earn-
ings above the income limit would actually make
her family worse off than before. The notch con-
tributed to keeping families dependent on welfare
and discouraged the movement of welfare recipi-
ents into the workforce.

Without the benefit of Medicaid expansions, a
family1 in 1996 increasing its earnings from $9,000
to $10,000 would lose their Medicaid benefits. Los-
ing Medicaid and other benefits combined with in-
creased tax liability would cause the family to lose
$2,863 of income. Medicaid expansions effectively
postponed the loss of $1,838 of income until earn-
ings reach over $17,000 for families eligible for the
expansions. Even with the expansions, however, both
families stand to have a lower total income at $20,000
in earnings than they had at $9,000 in earnings.

Alleviating the Earnings
Penalty — The Effects of
Expansion
In 1996, the federal government reformed the
AFDC program, requiring many welfare recipients
to find and keep a job. Dr. Yelowitz studied those
most likely to be affected by welfare reform, a
sample consisting of working-age female household
heads with at least one child present. A substantial
fraction of working-age females (70%) participated
in the labor force (as either employed or seeking
employment). Among those who failed to finish high
school, only 43% were in the labor force, far less
than the 78% of high school graduates who were
employed or seeking jobs. High school dropouts
were also more than twice as likely to collect AFDC
benefits compared to high school graduates. Con-
sidering that many welfare recipients are now “on
the clock,”2  moving the least skilled among them
into the workforce has become the primary chal-
lenge of welfare reform.

Medicaid eligibility expansions were some of the
first steps taken to facilitate recipients working their
way off welfare. The Medicaid notch and high earn-
ings penalties in other programs led many welfare re-
cipients to limit their work activities for fear that they
would lose cash, in-kind or health insurance benefits.
Dr. Yelowitz’ study assesses the success of these Med-
icaid reforms to promote work over welfare.

 Dr. Yelowitz found that the Medicaid expan-
sions led to more people working and fewer
people receiving welfare. Specifically, he con-
cluded that expansions of Medicaid led to a 1.58
percentage point increase in labor force partici-
pation. His research also found that eligibility ex-
pansions led to a 2.03 percentage point decline in
the AFDC participation rate, a drop of 6.3%. The
positive labor market effects of eligibility expan-
sions led to a sizable decrease of 1.8 percentage
points in the percentage of family income coming
from cash public assistance.

 Some families were helped more than others.
Raising the Medicaid income limits led to a 10% drop
in AFDC caseloads from 1987 to 1996 for those with



more education. Among those with less education – 54% of whom were on AFDC – the decrease in welfare
participation was much less striking, only 0.3 percentage points. These results suggest that policymakers must
be particularly attentive to the challenges (and unintended consequences) facing the lowest-skilled individu-
als — the very ones most likely to remain on welfare today.

Conclusion
Welfare reform has led to millions of welfare recipients leaving public assistance rolls. Unfortunately,
those that remain are generally thought to be the least skilled and hardest to employ. It is difficult to
justify policies that erect any barrier to employment for this group, such as an arbitrary income cap to
programs such as Medicaid. Dr. Yelowitz’s research addresses the severe earnings penalties created
by one program, and shows how reducing or eliminating such penalties has a positive effect on workforce
participation and welfare dependency.

1 January 1996, Pennsylvania – for a mother of two children with daycare expenses after four months on the job.
2 Referring to the 5-year time limits imposed by most states.
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1. Introduction
During the 1980s and 1990s, the United States
welfare system offered four main benefits for single
parent families: cash assistance through Aid to Fami-
lies with Dependent Children / Temporary Aid for
Needy Families (AFDC / TANF), health insurance
coverage through Medicaid, food subsidies through
Food Stamps, and public housing.1  Medicaid ben-
efits have become increasingly important as medi-
cal costs have soared, while cash benefits have failed
to keep up with inflation. In fiscal year 1991, for
example, the combined Federal-State Medicaid ex-
penditure of $21.9 billion on 12.6 million AFDC
recipients exceeded cash payments of $20.9 bil-
lion to this group (U.S. House of Representatives
1993a). Moreover, while eligibility rules for cash
benefits have contracted in recent years, eligibility
rules for public health insurance have continually
expanded. The 1996 welfare reform (known as the
Personal Responsibility and Work Opportunity Rec-
onciliation Act, or PRWORA) limited cash welfare
receipt to five years, and eligibility was made con-
tingent on following work requirements. In contrast,

Evaluating the Effects of Medicaid on Welfare
and Work: Evidence from the Past Decade

federal mandates for Medicaid, and the introduc-
tion of the States Children’s Health Insurance Pro-
gram, have increased eligibility for health insurance.

Medicaid provides a basic set of free or subsidized
medical services to poor, eligible families. The pro-
gram is federally subsidized and regulated but admin-
istered by the states, which have some leeway in
defining the set of services offered. Traditionally, eli-
gibility for Medicaid has been contingent on eligibility
for AFDC — that is, one simultaneously qualifies for
Medicaid and AFDC by having net income under a
state’s income eligibility limit. The health insurance is
retained as long as the AFDC recipient earns less than
the “AFDC break-even level,” the point where AFDC
benefits are lost. Medicaid is entirely lost once earned
income goes beyond the break-even level, generat-
ing a marginal tax rate in excess of 100 percent.

To illustrate the importance of Medicaid, Table 1
provides the budget constraint facing a female head
with two children in Pennsylvania in 1996. As her
earnings go up, the amount she receives from the
Earned Income Tax Credit (EITC), AFDC, and food
stamps generally fall, while the amount she pays in
taxes generally rises. Her total income, in the final
column, goes up much more slowly because of the
high marginal tax rates embedded in the welfare

Did not
complete

High School
24%

High School
Diploma

40%

College Degree
or Some College

36%

Distribution of
Educational Attainment

Distribution of Race
in Full Sample

Head is black
28%

Head is
nonblack,
nonwhite

4%

Head is
white
68%
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system. This calculation
of total income in-
cludes Medicaid cov-
erage. Medicaid is
received as long as her
earnings are between
$0 and $9,000, and is
lost if her earnings ex-
ceed $10,000.2  Med-
icaid is assumed to be

valued at its average expenditure of $3,307 (see the
notes in the table).3  By adding Medicaid into total in-
come in the final column, total income rises from
$11,785 to $15,092 for $9,000 of earnings. By earn-
ing another $1,000, so that earnings rise to $10,000,
total income now falls from $15,092 to $12,229 as-
suming the job does not offer employer provided health
insurance. Earnings need to more than double from
the $9,000 level before total income approaches what
it was before losing Medicaid.

This paper updates and expands my earlier find-
ings in Yelowitz (1995). This study explores some
recent Medicaid expansions for children that ex-
plicitly severed the link between Medicaid eligibil-
ity and AFDC eligibility and generated sizable shocks
to the budget set of some welfare recipients. These
expansions can be used to investigate the hypoth-
esis that losing Medicaid coverage is a deterrent to
leaving cash welfare. If this is true, then proposals
which extend health insurance coverage to children
in low- and moderate-income families could have

the additional effect of getting families off the wel-
fare rolls. In Yelowitz (1995), I used data from the
1989 to 1992 March Current Population Survey
(CPS) to examine Medicaid’s impact on labor force
and AFDC participation for the calendar years 1988
to 1991. I found that the fully phased-in Medicaid
reforms reduced the probability of participating in
AFDC by 1.2 percentage points and increased the
probability of working in the labor force by 0.9
percentage points. The effects were quite strong
among divorced/separated and more educated
women, but not among never-married or less-edu-
cated women. This study expands on those results
in four important ways:

(1.) It adds data from the 1988 and 1993-97
March CPS, which more than doubles the
sample size. Because the AFDC and work
questions in the CPS are retrospective, the
data covers the calendar years 1987 to 1996.

(2.) It uses more dramatic expansions in
Medicaid. For example, some states now
offer coverage to all poor children under
age eighteen, while others offer coverage
to children who live in families with income
under 300 percent of the poverty line. The
Medicaid expansions studied in Yelowitz
(1995) were much more limited.

(3.) Besides examining the effects on labor
force participation and AFDC participation,
this study examines the effects on hours of

Head is
white
64%

Head is
nonblack,
nonwhite

5%

Distribution of Race
in High School Dropouts

Head is black
30%

Head is
white
69%

Head is
nonblack,
nonwhite

4%Head is
 black
27%

Distribution of Race
in High School Graduates

“Earnings need to
more than double
from the $9,000
level before total
income approaches
what it was before
losing Medicaid.”
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work. The distinction between labor force
participation (employment) and hours of
work has been important for other policies
concerning entry-level workers (such as the
minimum wage), and could be important in
Medicaid policy, too.

(4.) This study explores the robustness of the
findings by using alternative representations
of Medicaid policy changes. For example,
it modifies some of the assumptions used in
the key policy variable, GAIN%.

The conclusions from this paper confirm the findings
in Yelowitz (1995). From 1987 to 1996, the Medic-
aid expansions significantly decreased both welfare
participation and the fraction of total income received
from welfare, and increased both labor force partici-
pation and hours of work. The effect of the expan-
sions on the total income of the family is not significant,
however, reflecting the high tax rates of the welfare
system. The expansions had large effects for those
who completed high school (or beyond), but had no
effect for those who did not finish high school. This
suggests the Medicaid expansions were ineffective
for those without many job skills. The remainder of
the paper is organized as follows. Section 2 describes
the changes in the Medicaid during the 1980s and
1990s. Section 3 examines the theoretical effects of
expanding the Medicaid program, when Medicaid
was previously linked to AFDC. Section 4 outlines
the empirical implementation, by discussing the
methodology, constructing the policy variable, and
presenting the regression framework. Section 5 pre-
sents the data, primary results, and several robust-
ness checks. Section 6 concludes.

2. Description of the
Medicaid Expansions Dur-
ing the 1980s and 1990s
Starting in 1984, and especially from 1986 onward,
Congress attempted to increase access to health care
for pregnant women, infants and children through
a series of Medicaid expansions. These expansions
in eligibility were motivated by rising concerns over
infant mortality and child health. Thus, Medicaid

was targeted to all
poor children, not
just to recipients of
cash welfare.

Several pieces of
legislation, which
are documented in
the time line in Table
2, expanded access
to health care for
children. In 1986
and 1987, federal
legislation gave the
states several options
for expanding their
Medicaid program. Legislation in 1988, 1989 and
1990 mandated more extensive coverage. Table 3
illustrates the generosity of the expansions across
the different states over time, by showing the age
limit to qualify for Medicaid, and the Medicaid in-
come eligibility limit for an infant expressed as a
percentage of the federal poverty line (FPL).4  5  The
income limit for older children was usually lower
than that for infants. The earliest legislation (effec-
tive April 1987) gave states the option to carry out
the expansions to children younger than two. By
January 1988, half the states had expanded eligibil-
ity. By the end of 1989, every state had adopted
some form of expansion, although there was a great
deal of across-state variation in Medicaid eligibility,
which was based on the age of the child. The later
mandates increased the income threshold to 133
percent of the FPL and the age limit to six. Thirty-
two states were required to adjust their income
threshold, and thirty-seven states were forced to
increase their age limit. Finally, the mandates ex-
panded eligibility to children over the age of six to
100 percent of the FPL in 1991. By December 1991,
all states extended Medicaid coverage to children
up to age eight, though the income eligibility limits
for infants varied substantially. In subsequent years,
several states expanded coverage beyond the fed-
eral requirements with their own funding. By De-
cember 1993, for instance, New York covered all
children under age thirteen to 185 percent of the
FPL, while Minnesota covered all children under

[P]roposals which
extend health in-
surance coverage
to children in low-
and moderate-in-
come families
could have the ad-
ditional effect of
getting families off
the welfare rolls.
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age eighteen to 275 percent. Table 4 summarizes
the post-mandate expansions. Between 1993 and
1996, a few states (between four and eight) went
beyond the federal mandates for pregnant women
and infants, while a substantial number went be-
yond the mandates for older children. By February
1996, 28 states exceeded the federal requirements
for older children.

The effects on labor supply from the Medicaid
expansions may be useful for evaluating other recent
government initiatives. The Balanced Budget Act of
1997 created Title XXI, the States Children’s Health
Insurance Program. Title XXI provides more than $24
billion in federal grants over five years for states to
design comprehensive health insurance programs for
uninsured, low-income children.6  Starting October
1, 1997, the law allowed states to use this new source
of funds to expand insurance coverage under their
existing Medicaid program, create a new state
children’s health insurance program (S-CHIP), or
implement a combination of both. Many states are
using Title XXI to provide public health insurance for
all children under eighteen with family income un-
der 185 or 200 percent of poverty. This expands on
current Medicaid law which, as of July 1998, required
coverage through age fourteen to 100 percent of
poverty. Several states also offer subsidized premi-
ums for health insurance for children in families slightly
higher up the income distribution — for example,
New Jersey allows families to purchase coverage for
$15 per month if their income is between 150 and
200 percent of poverty; New York charges monthly
premiums on a sliding scale up to $36 per family for
those with income between 160 and 222 percent of
poverty; premiums are the full amount for children
above 222 percent.

These reforms during the 1980s and 1990s re-
sulted in a dramatic increase in Medicaid eligibility
and coverage. Administrative data show a sharp rise
in the number of children covered by the Medic-
aid expansions (beneficiaries without cash assis-
tance) starting in 1988, whereas the number of
children enrolled in the Medically Needy and AFDC
programs remained quite stable. By 1991, 3.0 mil-
lion children were covered by Medicaid because
of the expansions (U.S. House of Representatives

1993b). By 1996, almost 4.5 million children and
1.3 million pregnant women were covered by the
Medicaid expansions.7

3. Theoretical Effects
To analyze the effect of Medicaid on labor supply
and welfare participation among potential welfare
participants, I use a variant of the static labor supply
model, which incorporates taxes and the welfare
system. Assume that the consumer maximizes util-
ity, U=u(L,C), where L and C are choices for lei-
sure and the purchase of consumption goods
respectively. She faces a constant pre-tax wage, w0.
The welfare and tax system create non-linearities
in the budget set. At zero hours of market work, the
mother receives a certain level of AFDC and food
stamp benefits, known as the “guarantee,” in addi-
tion to Medicaid. Figure 1 illustrates this budget set
for a welfare recipient in Pennsylvania, similar to
the budget set that was previously discussed in Table
1. As she begins to work, her AFDC and food stamp
benefits are taxed away, so her after-tax wage is
w1=(1-τAFDC)w

0, where τAFDC is the marginal tax rate
for earning income while on AFDC (which varies
from 67 to 100 percent). Once she works more than
HBreakeven, the hours of work where the entire AFDC
benefit is taxed away, she loses her AFDC eligibil-
ity, and therefore her Medicaid benefits, which cre-
ates a dominated part of the budget set. This
discontinuous drop in benefits has been called the
“Medicaid notch.” Once the recipient works more
than this level of hours, she faces an after-tax wage
of w2=(1-τFED)w0, where τFED is the marginal tax rate
in the federal and state income tax codes. To deter-
mine what region of hours is dominated, however,
we would need to know the value of the benefits
she received from Medicaid.

As states have expanded eligibility for Medicaid
by increasing the income limit to a higher level than
what an AFDC recipient could earn, the notch has
moved. The coverage is still means-tested, but at a
potentially higher level than the AFDC income limit.
The change in the income limit yields several pre-
dictions for those eligible for the expansions by chang-
ing the budget set as illustrated in Figures 1 and 2.
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• Labor force participation increases (or remains
unchanged if no behavioral response occurs),
since the new bundles on the budget set occur
where the woman participates. This occurs be-
cause some women who were not initially work-
ing before the expansion begin to work. No one
who is currently working should withdraw from
the labor force, because that {L,C} bundle was
available before the expansion.

• AFDC participation decreases (or remains un-
changed if no behavioral response occurs), be-
cause the only new bundles are where the
woman leaves AFDC.

• AFDC participation decreases more than labor
force participation increases. This occurs since
some women will be located along the welfare
part of the budget set (but not at zero hours of
work) before the expansions, implying partici-
pation in both AFDC and the labor force. After
the expansions these people could increase
their hours and locate on the post-expansion
part of the budget set, which we observe as
exiting AFDC but having no effect on labor force
participation. For women initially at zero hours
of work, the two effects should be the same,
since the only new {L,C} bundle the expan-
sion offers is to exit AFDC and enter the labor
force. For women initially off welfare, their
hours may decrease, but they will not partici-
pate in AFDC, which they could have already
done. Therefore, in aggregate, the effect on
AFDC participation is larger than the effect on
labor force participation.

• The effect on total hours of work is ambiguous.
Hours could increase for women initially on AFDC,
but could decrease for women initially off AFDC.

Two other points deserve mention. First, the exist-
ence of the Medicaid “notch” is predicated upon no
feasible insurance alternatives for these households.
It may be reasonable to think that with the skill mix
that the group possesses, the possibility of employer-
provided health insurance coverage is quite low.
Short, Cantor and Monheit (1988) examined the dy-
namics of Medicaid enrollment. Although 38 per-
cent of the sample that was initially on welfare left
over the next two years, only 43 percent of this sub-

group was covered by private health insurance. This
probably represents an upper bound on the avail-
ability of employer-provided health insurance for
AFDC recipients, because those who leave AFDC
are likely more skilled than those who remain on it.
A more recent study by O’Brien and Feder (1998)
finds that whether they work in large or small firms,
low-wage workers are far less likely than the better
paid to have employer coverage. Approximately 90
percent of the highest wage workers had
employment-based health insurance in 1996, while
only 42 percent of the lowest wage workers were
covered. They conclude that the primary reason
low-wage workers lack coverage is that their employ-
ers do not offer them health insurance benefits.

Second, welfare stigma potentially provides a sec-
ond explanation for why the effect of extending
Medicaid should be smaller on labor force partici-
pation than on AFDC participation. Households that
previously worked because they found collecting
AFDC very stigmatizing might withdraw from the
labor force when given the opportunity to receive
Medicaid without being on AFDC.

4. Methodology and
Regression Framework
4.1 Treatment and Control Groups

The reforms in the Medicaid program create “treat-
ment” and “control” groups by providing variation
in Medicaid eligibility along three arguably exog-
enous dimensions. The reforms create variation
within a state at a given point in time, because
they condition eligibility on the age of the child.
In addition, they create variation in eligibility
across states and over time, since the earlier legis-
lation was state-optional and the states adopted the
expansions at different rates.

For purposes of illustration, consider the follow-
ing example: between 1988 and 1989, California
carried out a Medicaid expansion for children up
to age five, while New York did not. The “treat-
ment” group, always, is families in California in 1989
with young children. One potential estimate of
Medicaid’s effect on AFDC participation would use



Page 6

families with older children in California as a con-
trol group. Let AFDCs,t,y stand for the average AFDC
participation rate across households, where s in-
dexes states, t indexes time, and y indexes child’s
age. Therefore AFDCCA,89,5 and AFDCCA,89,6 repre-
sent the AFDC participation rates for households
in California in 1989 with five- and six-year-olds,
respectively. The impact of the Medicaid law
change could be measured by the difference
(AFDCCA,89,5-AFDCCA,89,6), which is hypothesized to
be negative since the Medicaid expansions offer an
incentive to leave AFDC, because it provided a sub-
stitute for Medicaid received while on AFDC. Simi-
lar computations could be carried out with labor force
participation or hours of work of female heads.

An important objection to this estimate is that the
two groups may not be strictly comparable. If fami-
lies with older children have lower child care costs,
then the previous estimate would be biased. The
subsequent regressions will include many demo-
graphic and family structure variables, but unob-
served differences may still remain based on child’s
age that are correlated with Medicaid eligibility. Two
other estimates instead use the across-state and over-
time dimensions. By comparing the participation
rates for households with five-year-olds in 1989
across California and New York, we eliminate the
previous source of bias. Another estimate of
Medicaid’s impact on AFDC participation would
therefore be (AFDCCA,89,5-AFDCNY,89,5). As a final al-
ternative, we could examine changes in AFDC par-
ticipation over time within California, that is
(AFDCCA,89,5-AFDCCA,88,5). These alternatives could
introduce new sources of bias, however. One ob-
vious source of contamination would be varying
economic conditions: if the economic conditions
in New York were different from those in Califor-
nia (or different in the years 1988 and 1989), then
this would surely affect AFDC participation, and the
analysis would incorrectly attribute this effect to
Medicaid. In the regression analysis, I use all three
sources of variation to create a proxy for Medicaid
eligibility. By using all of the variation and control-
ling for omitted factors that vary across states, over
time, or by child’s age, the estimated effect of the
Medicaid expansions is more credible.

4.2 Constructing the Policy Variable

The variable used to represent the Medicaid expan-
sions relies on the budget constraint analysis in Fig-
ures 1 and 2. The reforms in Medicaid boil down to
changing the income limit for eligibility (measured
as a percentage of the poverty line). The main mea-
sure used in this study asks: how much is the Medic-
aid income limit increased above its previous AFDC
level? This is formulated as:

(1) GAIN% = max(MEDICAID% - AFDC%,0).

GAIN% parameterizes how drastically severed is the
link between Medicaid eligibility and AFDC eligi-
bility. MEDICAID% is the income eligibility limit from
the Medicaid reforms measured as percentage of the
poverty line, while AFDC% is the income limit from
AFDC measured as a percentage of the poverty line.
GAIN% can be equal to zero for two reasons. First, the
child may be in a household that is ineligible for the
Medicaid expansion (based on the child’s age), so that
the link between AFDC and Medicaid is not severed.
Second, the household might be eligible for the ex-
pansion, but MEDICAID% may be less than AFDC%.
After the appropriate deductions and tax rates are ac-
counted for, the income level that a recipient can earn
from AFDC% can exceed 100 percent of the poverty
line. GAIN% explicitly models the fact that the expan-
sions should have less impact in a generous AFDC state
since the recipient could have worked and earned
some amount of money before the expansion. In the
full sample of 34,665 heads, roughly 25 percent have
GAIN% equal to zero because of high AFDC income
limits and deductions, while 46 percent have GAIN%
equal to zero because the children in the household
are ineligible for the expansions.

In principle, measuring MEDICAID% is straight-
forward: it is equal to zero if the household is ineli-
gible for the expansion, while it is equal to some
percentage of the federal poverty level (FPL), typi-
cally 75, 100, 133 or 185 percent, if the recipient
qualifies for the expansion. In practice, assigning MED-
ICAID% to a family is more complicated, for two rea-
sons. First, families with two or more children may
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face different income limits for different children. Sec-
ond, some expansions were in place for only part of
the year. For example, MEDICAID% increased from
100% to 133% for many five-year-olds in the middle
of 1990. To assign MEDICAID%, I impute the value
for the youngest child in a family, and I average the
income limit throughout the entire calendar year.
Thus, the five-year-old child in the example above
would be assigned MEDICAID% a value of 116.5%.

AFDC% depends on a state’s payment standard,
which is a state-specific income limit used to deter-
mine AFDC eligibility. The information used to com-
pute AFDC% changes over time as well as through
changes in the ordering of the certain deductions
for welfare payments, known as disregards. It also
varies by family due to family size, work expense
deductions, and child care deductions. Furthermore,
the Family Support Act of 1988 (FSA) affected the
calculation of the AFDC income limit in several ways.
Additional details about computing AFDC% are de-
scribed in the appendix. After incorporating this
detail, AFDC% is calculated as:

(2) AFDC% = [(PAYMENT/BRR) + DISREGARD
+ WORKEXP + DAYCARE]/POV

where PAYMENT stands for the state’s payment stan-
dard, BRR for the benefit reduction rate (which is 2/3
for the first four months of work), DISREGARD for the
standard deduction, WORKEXP for work expenses,
DAYCARE for total child-care deductions, POV for the
dollar amount of the FPL (appropriately adjusted for
family size, and inflated by 1.15 for Hawaii and 1.25
for Alaska). DAYCARE expenses are calculated as:

(3) DAYCARE = (1 + ½*↑ (post-
FSA))*DEDUCTION*CHILDREN

where ↑ (post-FSA) is defined as an indicator variable
equal to one after the passage of FSA and zero other-
wise, DEDUCTION is the child care expense de-
duction while on AFDC, and CHILDREN is the
number of children in the family under age thirteen.8

4.3 Regression Framework

To address the concerns about omitted variables bias
mentioned in Section 4.1 above, I include a full set of
dummy variables for state, time, and youngest child’s
age in the regression; moreover, I include interactions
of state and time to control for other changing factors
within a state. I estimate probit models and linear prob-
ability models because of the large sample size and ease
of interpretation. The model takes the form:

(4) AFDCh = α + ßGAIN%h + γXh +
δ1YOUNGEST + δ2STATE*TIME + εh,

where AFDC is an indicator variable equal to 1 if
the household participated in AFDC during the year,
GAIN% is defined from above, X is a vector of other
individual or household characteristics that may af-
fect AFDC participation (such as age, education, and
race of the female head, and family size), STATE is
a set of dummy variables indicating the state of resi-
dence (51 categories because Washington, D.C., is
included), TIME is a set of dummy variables for cal-
endar year (10 years, ranging from 1987 to 1996),
and YOUNGEST is a set of dummy variables indi-
cating youngest child’s age (18 groups, ranging from
zero to seventeen); STATE*TIME represents the in-
teraction of the state and time fixed effects.9

Head
separated

20%

Head
never married

31%

Distribution of Marital
Status in Full Sample

Head
divorced

43%

Head
widowed

7%
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5. Data and Results

5.1 Data Description

This study uses the 1988-1997 Current Population
Survey (CPS) March Annual Demographic File,
which provides retrospective information on family
income, employment, and program participation
from 1987 to 1996 for the noninstitutionalized
population. Overall, the sample consists of 34,665
working-age female heads with at least one child
present.10  Appendix Table 1 shows the number of
observations lost from applying the sample screens.
I excluded households with greater than nine fam-
ily members because they could not be linked to
state-specific AFDC payment standards in certain
years. The female head’s age is restricted to be be-
tween 18 and 64; the first cut-off is chosen to avoid
currently enrolled students, and the second is cho-
sen to avoid analyzing labor supply decisions of the
elderly. The sample also excludes families with fos-
ter children, nonrelatives, partners, or roommates,
because the variable GAIN% concentrates on in-
centives created from AFDC, rather than from
AFDC-Unemployed Parents, Unemployment Insur-
ance, Disability Insurance, or General Assistance.
For similar reasons, I exclude families with elderly
members, to avoid labor supply issues associated
with Supplemental Security Income or Social Secu-
rity. Finally, I exclude households with imputed val-
ues: the CPS uses a “hot-deck” imputation
procedure to fill in missing values, but such obser-
vations simply add measurement error for this study.

Most of the variables used in the analysis are
straightforward, and come directly from a specific
CPS question, but several deserve some elabora-
tion. First, labor force participation of the female
head is equal to one if the respondent answered
“Yes” to either of the following two questions: “Did
... work at a job or business at any time in 19..?” or
“Did ... do any temporary, part-time, or seasonal
work even for a few days during 19..?” As Table 5
shows, in the full sample 70 percent of female heads
worked at some point in the previous year. But among
the least skilled — high school dropouts — only 43
percent were in the labor force. This is dramatically
lower than for those with at least a high school educa-
tion — 78 percent. Second, AFDC participation is equal
to one if the respondent answered either “AFDC” or
“Both” to the following question: “Did ... receive AFDC
or some other type of assistance?” Among all female
heads, nearly one-third participated in AFDC during
the previous calendar year. The AFDC participation
rate among dropouts, 54 percent, is more than double
the rate among those with more education. Third, the
fraction of income received from welfare is defined
as family income received from public assistance di-
vided by total family income. In instances when this
fraction was greater than one (usually because of nega-
tive self-employment income), it was set equal to one.
On average, one-quarter of a household’s income
came from public assistance, although dramatic differ-
ences exist, again based on educational attainment.

Head
separated

25%

Head never
married

41%

Distribution of Marital Status
in High School Dropouts

Head divorced
26%

Head
widowed

9%

Head
separated

18%

Head never
married

27%

Distribution of Marital Status
in High School Graduates

Head
divorced

48%

Head
widowed

6%
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Finally, an extensive set of variables related to family
structure was included. The set includes dummy
variables for number of related children under age
eighteen, number of family members, youngest
child’s age (which is used in defining GAIN%), and
number of children in each age bracket from age
zero to age seventeen entered linearly. The fe-
male heads have slightly fewer than two children,
on average, and less-educated heads tend to have
larger families and younger children.

Exploring Table 5 further, several other variables
are noteworthy. First, GAIN%, the difference be-
tween the Medicaid expansion income limit and
the AFDC income limit, moved up by 10.3 percent
of poverty on average, with a standard deviation of
23.6 percent. Although it is not shown in the tables,
GAIN% increased from an average of zero (with no
Medicaid expansions) in 1987 to an average of 26.8
percent in 1996.11  Since the poverty line for a family
of four was $15,600 in 1996, this translates into an
increase in the income limit of $4,180.12  Of course,
even this 1996 average masks substantial variation
across families based on their state of residence and
the age of the youngest child. In states with high AFDC
limits or families with older children, GAIN% will be
smaller. Second, regardless of how it is defined, the
labor force attachment of dropouts is lower. Average
family income for dropouts, expressed in 1996 dol-
lars, is less than half of that for those with more educa-
tion. Similarly, hours worked per week for dropouts is
15.3 hours, about half the amount for those with more
education. Third, a large majority of female-headed
households are white — approximately two-thirds of
the sample. The racial composition among high school
dropouts is also very similar to that for the full sample.
On the other hand, large differences exist in marital
status for the less skilled high-school dropouts — they
are much more likely to be never married, rather than
divorced, separated, or widowed.

5.2 Main Results
The results from the baseline regressions are shown
in Table 6. Five labor market outcomes are exam-
ined: AFDC and labor force participation, hours
worked per week, family income, and the fraction
of income from welfare. Except for hours per week,
the other outcomes are measured on an annual

basis. The baseline includes
all female heads, child care
deductions for children ages
zero to twelve, and 17
dummy variables for young-
est child’s age and 509
dummy variables for
state*time interactions.13

The table shows that the
Medicaid expansions, as rep-
resented by GAIN%, significantly reduced welfare
participation and significantly increased employ-
ment, as one would predict from the budget con-
straint analysis in Columns 1 and 2. The first column
estimates a probit model on AFDC participation,
with the probability derivatives in the adjacent col-
umn in italics. By moving GAIN% from its 1987 av-
erage value of zero to its 1996 value of 26.8 percent,
AFDC participation falls by 2.03 percentage points.14

Since the overall AFDC participation rate was 32
percent, this represents a decline of 6.3 percent in the
AFDC caseload due to the Medicaid expansions. Mov-
ing to the second column, GAIN% has a significant
positive effect on labor force participation, though the
magnitude of the effect is smaller than that for AFDC
participation. This is expected, because some female
heads who were both working and enrolled in AFDC
would have left AFDC in response to the expansions
but would still be in the labor force. Moving GAIN%
from its 1987 level to its 1996 level results in an in-
crease in labor force participation of 1.58 percentage
points. In addition to labor force participation, the ex-
pansions increased hours worked per week. The third
column, estimated with OLS, shows that a similar policy
change leads to an increase of 0.4 hours per week,
which is a rather modest increase of 1.5 percent. The
fourth column examines total family income. Recall
from Table 1 that the welfare system has high implicit
tax rates, even excluding the treatment of Medicaid.
The fourth column shows that even though AFDC par-
ticipation falls and labor force participation increases,
the net effect for family income is approximately zero.
As one would expect from the previous four results,
the fraction of income received from welfare falls in
the fifth column. Moving GAIN% by 26.8 points leads
to 1.8 percent less of the family’s income coming from
public assistance.

[G]overnment
intervention
is often coun-
terproductive
for the less
skilled and
less educated.
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The other controls
have reasonable effects.
Welfare participation
declines with the age of
the female head, until
age 46, and then in-
creases modestly. Part of
the decline is due to chil-
dren aging out of welfare
eligibility, which ends
when the youngest child
reaches age eighteen (or
nineteen if the child is
enrolled in school). Wel-
fare participation also falls

with education levels. Being a high school dropout
raises the likelihood of participating in welfare by 30.6
percentage points relative to having some college
education. Compared to whites, other races are
somewhat more likely to participate in AFDC. Finally,
being never-married or living in a central city, raise
the odds of receiving welfare. Similar patterns exist
across the other columns for these covariates, with
opposite signs for the labor market outcomes.

5.3 Results Stratified by
Educational Attainment

This section probes the basic results deeper, by strati-
fying on educational status — whether the female
head has completed high school. Those who fail to
graduate from high school inherently limit their in-
come potential and probably limit their job pros-
pects to entry-level jobs. Even entry-level jobs require
a certain commitment to show up on time, a willing-
ness to learn, and some basic skills — often those ob-
tained through the discipline of earning a high school
diploma. Recent studies have shown that one-third of
welfare recipients are functionally illiterate, struggling
to perform the simplest of reading, writing and quanti-
tative tasks.15  These same studies also show that gov-
ernment intervention is often counterproductive for
the less skilled and less educated. Brandon (1995) dem-
onstrated that minimum wage hikes actually increase
durations on welfare by more than 40 percent. Fol-
lowing wage hikes, welfare recipients were unable to
compete with more qualified job applicants drawn into
the workforce by the higher mandated wages.16

It is plausible that Medicaid acts in a similar way
across skill groups. The Medicaid expansions raise
the income limit to receive health insurance, but
those responding to the expansions must still earn
more than the initial AFDC limit. In Yelowitz (1995),
the effects were quite strong among more educated
women, but not among less educated women. Table
7 shows the results on GAIN% for those without a high
school diploma and those with at least a diploma. The
other covariates from Table 6 are also included in the
regressions, although they are omitted from Table 7
for sake of brevity. The second row generally shows
very small effects of Medicaid expansion for those not
graduating from high school. Moving the income limit
by 26.8 poverty points leads to a decrease in welfare
participation of less than 0.3 percentage points, from a
baseline participation rate of 54 percent.17  The ef-
fects on the other labor market outcomes are also usu-
ally statistically insignificant and economically modest.
In contrast, the third row shows large effects of Med-
icaid for the better skilled. Moving the income limit
by 26.8 poverty points leads to a decline in welfare
participation of 2.4 percentage points from a baseline
participation rate of 25 percent. Thus, among the
more educated, the Medicaid expansions accounted
for nearly a 10 percent drop in the AFDC caseload
between 1987 and 1996. The results for other labor
market outcomes, with the exception of total family
income, are also quite strong.

5.4 Robustness Checks
This section briefly explores varying the assumptions
in the analysis; the results are displayed in the ap-
pendix tables. First, Appendix Table 2 explores the
sensitivity to altering the set of STATE, TIME, and
YOUNGEST interactions. The second row excludes
the 510 STATE*TIME interactions, and instead only
includes dummies for the 50 states and 10 time peri-
ods. The results go in similar directions to the baseline,
but are substantially smaller in magnitude. For ex-
ample, the estimated effects on AFDC and labor force
participation are around 60 percent as large as the
baseline. This difference suggests that STATE*TIME
interactions — such as changing economic condi-
tions or welfare policy within a state — are corre-
lated with the implementation of the Medicaid
expansions. Without these interactions, the effect of

 [A]mong the
more educated,
the Medicaid
expansions ac-
counted for
nearly a 10 per-
cent drop in the
AFDC caseload
between 1987
and 1996.
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Medicaid appears to be understated. The third row
includes both the 510 STATE*TIME interactions and
the 18 TIME*YOUNGEST interactions. The results
are almost identical to the baseline; evidently in-
cluding STATE*TIME interactions and dummies for
YOUNGEST age are sufficient.

Appendix Table 3 modifies the child care deduc-
tions that are implicitly used in constructing GAIN%
(through the AFDC breakeven level, AFDC%).
Three alternate scenarios are shown: including ex-
penses for all children under seventeen, for all chil-
dren under six, and for no children. As childcare
expenses are incorporated, the AFDC breakeven
level goes up, and GAIN% goes down. The table
shows that regardless of assumptions regarding
childcare expenses, the substantive conclusions on
the Medicaid expansions remain the same.

Finally, Appendix Table 4 splits the sample into
two halves — the calendar years 1987 to 1991,
and 1992 to 1996. Federal mandates, which were
enacted starting in April 1990, absorbed much of
the variation across states (see Table 3). It appears
that the Medicaid expansions had the strongest
effect at the beginning — the coefficient estimates
from 1987 to 1991 are approximately double that
of the later period.

6. Conclusions
This study has examined the effects of Medicaid on
labor supply between 1987 and 1996. The results,
consistent with Yelowitz (1995), show significant
effects of expanding health insurance on the deci-
sion to leave welfare and enter the labor force. The
effects were strongest for those with at least a high
school diploma, suggesting that some minimum level
of skill is necessary for the expansions to be effec-
tive (at least in terms of labor supply). The expan-
sions also had the greatest impact before the Federal
mandates of 1990 and 1991, though they still had
some impact afterwards.

These findings have implications on the new State
Children’s Health Insurance Program initiative. This
program moves beyond the Federal mandates, and
expands Medicaid higher up the income distribu-
tion and to families with older children. The find-
ings in this paper offer a mixed message in terms of
S-CHIP’s impact on the labor market. Because the
expansions in Medicaid already offer coverage to
100 to 133 percent of the poverty line for most chil-
dren, the higher income limits are likely to benefit
only the highest skilled of welfare recipients. More-
over, the effects of Medicaid have diminished over
time, also reducing the effect on the labor market.
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Endnotes
 1 Throughout the paper, the cash program will be referred to as AFDC, because the analysis extends through 1996.
2 Although AFDC eligibility ends at around $8,000, the entire family still receives Medicaid at $9,000 after leaving AFDC.

See the notes in Table 1 for more detail.
3 There is not a consensus on how to value health insurance. Some researchers would “deflate” the average expenditure

by a certain percentage because health insurance is not necessarily income -- providing a good in-kind might lead to
overconsumption of that good. On the other hand, others would attach a higher valuation because Medicaid provides
insurance against a bad health shock. For example, Rust and Phelan (1997) argue that the combination of significant
individual risk aversion and a long tailed distribution of health care expenditures implies that there is a significant security
value for older individuals to remain employed until they are eligible for Medicare. A similar argument could be made
for female heads, in which case the $3,307 average expenditure understates the value of the health insurance.

4 The income limit for children in single-parent families who were ineligible for the Medicaid expansions would be
determined by AFDC.

5 Poverty levels vary depending on family size. In 1998, for example, the poverty line was $13,650 for a family of three,
$16,450 for a family of four, $19,250 for a family of five, and increased in $2,800 increments for larger families. The
poverty lines are somewhat higher in Alaska and Hawaii. Thus, a Medicaid expansion to 133 percent of poverty would
mean different dollar increases depending on family size.

6 See Hearne (1998) for a detailed discussion of Title XXI.
7 Health Care Financing Administration (1998).
8 In the appendix tables, I show that the results are robust to defining child care expenses in different ways. Specifically, I modify

AFDC% (and hence, GAIN%) for the following scenarios: no child care expenses, child care expenses for children through age
five, and child care expenses for children through age seventeen. All three modifications give substantively similar answers.

9 With a full set of 510 STATE*TIME dummies, both of the main effects (STATE dummies entered alone and TIME
dummies entered alone) are completely subsumed.

10 This study follows previous ones by focusing on female heads. Not many single male-headed households with
children exist, and it is common for researchers to ignore them (Moffitt, 1992). To verify this assertion, I went back to
the original CPS data, used exactly the same screens as in Appendix Table 1, except for changing the screen on line two
to “Male headed household.” In contrast to the final sample of 34,665 female heads, the sample consisted of 6,186 male
heads. This is much smaller, but not trivial. The data show a mere 4.4% of single male heads participated in AFDC,
compared with 31.7% of single female heads. The male heads also have labor force participation rates exceeding 90%,
and average earnings of $28,268 in real 1996 dollars. The female heads have labor force participation rates of 70%, and
average earnings of $13,987. Thus, there are few male heads who are at risk for AFDC participation.

11 Author’s tabulations of CPS data.
12 The 1996 poverty lines are obtained from Federal Register, 1996.
13 There are 18 categories for youngest child’s age and 510 categories for state*time interactions. The final dummy

variable for each set is subsumed in the constant term.
14 The 2.03 percentage point decrease in AFDC participation is obtained by multiplying the probability derivative, which is equal

to -0.076, by the change in GAIN% over time, which is equal to 0.268. The estimates for labor force participation are obtained
in a similar fashion. Hours of work is computed as follows. Multiply the change in GAIN% (0.268) by the coefficient on hours (0.167),
giving a change of 0.044. Since hours of work was divided by 10 (to reduce the number of zeros in the table), this is actually a
change of 0.44 hours per week, from a baseline of 26.4 hours per week. For total income, multiply 0.268 by the coefficient of
0.764, giving a change of 0.205. Since income is divided by 1000, this is a change of $205 (although it is statistically insignificant).

15 Employment Policies Institute, 1997.
16 Brandon, 1995
17 The term “poverty points” means moving the Medicaid notch by some percentage of the poverty line. For example,

moving the notch from 100 percent of poverty to 133 percent would be 33 poverty points. Note that the actual dollar
amount depends on family size and year.
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Table 1: Earnings and Benefits for a Mother with Two
Children with Daycare Expenses After Four Months on the Job

(January 1996) — Pennsylvania
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Table 2: Time Line of Federal Medicaid Legislation for Children
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Table 3: State Medicaid and Income Eligibility Thresholds for Children
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Table 4: Number of States Going Beyond Maximum Guidelines
for Eligibility Using “State-Only” Funds, Section 1902(r)(2) of the

Social Security Act, Hcfa Waivers
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Table 5: Summary Statistics
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Table 5: Summary Statistics Cont...

Notes: Percentages may not add up due to rounding. Standard deviations in parentheses in column (1),
standard errors in brackets in columns (2) and (3). All of the variable means for “high school dropouts”
are statistically different from those for “high school and beyond” at any conventional level. The
standard errors in columns (2) and (3) are rounded up to .01 if they are not exactly zero.
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Table 6: Regression Results for Full Sample
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Table 7: Stratifying by Educational Attainment
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Appendix: Construction of AFDC% Variable

This appendix explains the construction of AFDC%.  This example follows the U.S. House of Represen-
tatives (1993a, 1996). Under AFDC, each state establishes a “need standard” and a “payment standard” (which
may equal to or lower than the need standard); these standards are adjusted by family size.  To receive AFDC
payments, a family must pass two income tests, a gross income test and a countable income test.  Families with
gross incomes that exceed 185 percent of the State’s need standard are ineligible for AFDC.  Benefits are
generally computed by subtracting countable income (i.e., gross income less certain amounts known as disre-
gards) from the payment standard.  The maximum benefit, which is the amount paid to a family with no other
income, may be lower than the payment standard.

The gross income test is

(A1) Gross Income ≤ (1.85*Need Standard).

To be eligible for an actual payment, the family’s counted income also be below the State’s payment standard.
Counted (“net”) income test:

(A2) Net Income = (Gross Income-Deductions) ≤ Payment Standard,

which implies,

(A3) Gross Income ≤ (Payment Standard+Deductions).

AFDC% is then determined by minimum of equations (A1) and (A3):

(A4) AFDC%=min{1.85*Need Standard, Payment Standard+Deductions}/POV

where POV stands for the poverty limit in dollars.  Equation (A3) is further complicated because the treatment of
deductions has changed over time, and varies by the number of months that a recipient has been off of welfare.
To illustrate this, the following table taken from the U.S. House of Representatives (1993a), illustrates the calcu-
lation on an AFDC payment during different regimes.  To calculate the Medicaid notch, we would find the level
of gross earnings such that net countable income is zero.
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Calculation of Monthly AFDC Benefits for a Worker with
Low Earnings Under DEFRA and Current Law
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Appendix Table 1: Sample Screen from March
Current Population Survey, 1988 to 1997
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Appendix Table 2: Modifying the Set of Interactions
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Appendix Table 3: Modifying the
Assumptions on Childcare Expenses



Page 27

Appendix Table 4: Examining GAIN% by Time Period
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Figure One
Budget Set For Pennsylvania Recipient

Ineligible For Expansion
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(hours/year)HBreakeven 2000
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Stamp Guarantee

Medicaid ($3,307)

$15,092
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$11,081
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Figure Two
Budget Set For Pennsylvania Recipient

Eligible For Expansion

Consumption
Goods ($)

Leisure
(hours/year)HBreakeven 2000

AFDC and Food
Stamp Guarantee

Medicaid ($3,307)

$15,092

$17,290

$19,128

$14,067

$11,081

$7,774

LF Part=1
AFDC Part=0

LF Part=1
AFDC Part=1

LF Part=0
AFDC Part=1

Parent's M
edicaid*

* The family would qualify for Medicaid for 12 months after leaving AFDC with $11,785 of income ($9,000 in earnings) 
under the Family Support Act. The Medicaid expansions would cover the children as long as the family's income was 
under $17,290. The parents would only be covered in the grey area until 12 months was up.
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